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Abstract

Background and setting Domestic and family violence (DFV) is a significant societal problem that predominantly
affects women and children. One behaviour that has been linked to DFV perpetration is coercive control. While vari-
ous definitions have been proposed, it involves “acts of assault, threats, humiliation and intimidation or other abuse
that is used to harm, punish, or frighten a victim”ranging from emotional to social and financial abuse. One potentially
rich source of information on coercive control are police reports. In this paper we determine whether it is possible

to automatically identify behaviours linked to coercive control from DFV police reports and present the prevalence

of such behaviours by age and sex.

Methods We modified an existing rule-based text mining method to identify 48 coercive control related behav-
iours from 406,196 DFV reports involving a single person of interest (POI) (i.e., an individual suspected or charged
with a DFV offence) against a single victim from NSW Police Force records between 2009 and 2020.

Results 223,778 (54.6%) DFV events had at least one identifiable coercive control behaviour with the most common
behaviour being verbal abuse (38.9%) followed by property damage (30.0%). Financial (3.2%) and social abuse (0.4%)
were the least common behaviours linked to coercive control. No major differences were found in the proportion

of DFV events between male and female POls or victims. The oldest POI group (=65 years) had the largest proportion
for behaviours related to verbal abuse (38.0%) while the youngest POI group reported the highest proportion of DFV
involving property damage (45.5%). The youngest victim group (< 18 years old) had the highest proportion of DFV
events involving verbal abuse (37.3%) while victims between 18 and 24 years old reported the most harassment
through phone calls and text messages (3.1% and 2.4% respectively); double that of those in the oldest (> 65 years)
victim group (1.4% and 0.7% respectively).

Conclusions Police data capture a wide variety of behaviours linked to coercive control, offering insights

across the age spectrum and sex. Text mining can be used to retrieve such information. However, social and finan-
cial abuse were not commonly recorded emphasising the need to improve police training to encourage inquiring
about such behaviours when attending DFV events.
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Introduction

Domestic and family violence (DFV) is a significant
societal problem that predominantly affects women and
children. In Australia, on average, one woman per week
is murdered by a current or former intimate partner,
and one in six women and one in 16 men are subjected
to physical and/or sexual violence by a current or former
partner (AIHW 2017; AIHW 2019). DFV imposes a sig-
nificant economic and health burden on the community
(Khalifeh et al. 2015). Estimates suggest that the annual
financial burden in Australia arising from DFV against
women and their children is over AUD $22 billion (~US
$16.3 billion) in Australia, £66 billion (~US $89 billion)
in the United Kingdom, and US $55 billion in the United
States (Department of Social Services 2016; Holmes
et al., 2018; Oliver 2019).

One behaviour that has been linked to DFV is coercive
control (Crossman & Hardesty, 2018). Coercive control
can be defined as actions that aim to exert domination
and control over the other party (usually) in an intimate
partner relationship. The often, subtle nature of this
behaviour makes it difficult to identify and detect since it
is hard to separate the processes of control that are con-
sidered coercive from those affected by it (Crossman &
Hardesty, 2018).

Despite numerous definitions of coercive control in
the literature, the most common features are the inten-
tion and motivation of a perpetrator to obtain “control”
over a victim, the perception of such behaviour as nega-
tive by the victim, and the ability of the perpetrator to
make a credible threat (Hamberger et al., 2017). Coercive
control can range from physical and psychological forms
of control such as verbal abuse (e.g., threats, shaming),
financial (e.g., denying access to bank accounts or credit
cards), and social (e.g., isolation from friends, family and
children) (Slabbert & Green, 2013). Yet, limited empirical
research exists into how specific behaviours and attitudes
might aid understanding and measurement of coercive
control, and its role in predicting physical interpersonal
violence, including the severity of future violence (Hil-
ton et al.,, 2022). The role of technology in coercive con-
trol has emerged in recent years with DFV practitioners
increasingly highlighting how digital developments can
be employed by perpetrators of coercive control to nega-
tively impact victims (Woodlock et al., 2020).

Studies have shown that coercive control affects
women more than men (Johnson et al. 2014, Myhill
2015; Hester et al. 2017). Johnson et al. (2014) showed
that while the rates for men who experienced coer-
cive control was 5.4%, the equivalent for women was
four times more (22.0%), while Myhill (2015) found
that the rate of women experiencing coercive control
behaviours was almost 30% as opposed to 6% for men.
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Although women have been predominantly affected by
such behaviour, it has been proposed that some forms
of coercive control (e.g., verbal abuse) are equally likely
to be used by both women and men (Felson and Out-
law, 2007; Graham-Kevan 2007). Further, it remains
unclear how prevalent this type of behaviour is across
the age spectrum. In Australia, Boxtall and Morgan
(2021) reported that most women who experienced
coercive control were between 25 to 34 years old (32%)
followed by 18 to 24 years old (22%). Laumann et al.
(2008) found that 9% of older adults experienced verbal
mistreatment and 3.5% experienced financial mistreat-
ment while from a sample of over 5,000 elders (Aci-
erno et al. 2009), nearly 1 out of every 10 older people
received some form of abuse and/or neglect. These sta-
tistics highlight the need to investigate this phenom-
enon more through large population samples whose
demographic characteristics might assist to form a
clearer picture.

In Australia, several jurisdictions have enacted legisla-
tion to criminalize coercive control by targeting specific
forms of control. Tasmania focused on the criminaliza-
tion of economic and emotional abuse or intimidation in
2004, while New South Wales (NSW) defined coercive
control as “a form of domestic abuse involving repeated
patterns of abusive behaviour — which can include physi-
cal, sexual, psychological, emotional or financial abuse
— the cumulative effect of which is to rob victim-survivors
of their autonomy and independence.” (Department of
Communities and Justice, 2020).

Data sources on coercive control are hard to access,
with information likely to exist in medical or counsel-
ling records, however, these are not readily accessible
(Buchanan & Humphries, 2021). One potential source
of information on coercive control behaviours is col-
lected by the police when they attend and report on
DFV events. During these encounters, the police record
demographic and other characteristics of perpetrators
and victims called “fixed fields” (e.g., age, sex, ethnicity,
offence type, relationship between perpetrator and vic-
tim, the setting). They also write a detailed free text nar-
rative on the event, often several pages long, describing
key event information derived from observations and
reports from victims, perpetrators and other witnesses
such as the observed mental state of perpetrators and
victims, reports of mental illness, stated threats, injuries
and abuse types. A recent study showed that a variety
of behaviours and attitudes that might comprise coer-
cive control behaviours are recorded and documented in
text narratives by the responding police officers in a DFV
event (Hilton et al., 2022), while Elzinga et al. (2010) con-
cluded that is possible to identify potential jihadists from
a large dataset of police reports.
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In NSW, the text narratives can be used in court pro-
ceedings should a matter progress in the legal system,
yet they mostly remain unused and thus, represent an
untapped resource. If unlocked, they could provide
insights and new knowledge on DFYV, including coercive
control. Barriers preventing the use of the narratives
include: the highly sensitive nature of the data and strict
access protocols, a lack of awareness of the rich informa-
tion contained within the narratives, their voluminous
nature, and an absence of those with the necessary skills
to automatically process large numbers of such data.
Indeed, the NSW Bureau of Crime Research and Statis-
tics stated “there is no systematic way to extract informa-
tion from these [police] narratives other than by manual
review” (Macdonald & Fitzgerald 2014). However, sophis-
ticated, automated approaches are now available that can
be used to unlock important information effectively and
reliably by processing large-scale textual data.

One such approach to processing text is text mining
which has been applied for more than 30 years in differ-
ent areas to provide unique insights by identifying con-
cepts of interest from unstructured text, extracting terms
and establishing new associations and links among them
and fill gaps in missing information (Friedman et al,
2004; Savova et al.,, 2010; Spasic et al., 2014; Karystianis
et al., 2015; Abbe et al,, 2016; Wang et al,, 2018). Exam-
ples have been made to automatically analyze police
narrative reports (Chau et al, 2002; Ananyan, 2004;
Ku & Leroy, 2008; Elzinga et al., 2010; Poelmans et al.,
2011; Kuang et al. 2017; Karystianis et al., 2018; Haleem
et al. 2019; Karystianis et al., 2019; Birks et al. 2020; van
der Laan & Tollenaar 2021; Halford et al. 2022). Exam-
ples where text mining has been used on police reports
include efforts to identify the names of offenders, illicit
drugs, and weapons with varying degrees of success in
terms of system performance (Chau et al.,, 2002; Anan-
yan 2004). Poelmans et al. (2011) classified police reports
as DFV or non-DFV-related by employing an unsuper-
vised clustering technique, while efforts to recognize
drugs, weapons and facial features from witness nar-
ratives through rule and dictionary-based approaches
returned encouraging results (Iriberi & Leroy 2007; Ku
et al.,, 2008). Karystianis et al. (2018, 2019) successfully
applied a rule-based approach combined with manually
crafted dictionaries to extract mental illness mentions
for perpetrators and victims, abuse types, and victim
injuries from DFV police text narratives. Recently, Hal-
ford et al. (2022) used a language model (i.e., BERT) to
identify key details from police text records related to
anti-social behavior. Other research attempts involved
the use of deep learning methods to recognize mental
health related events (Haleem et al. 2019) and machine
learning to cluster crime classes (Kuang et al. 2017), and
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residential burglaries (Birks et al. 2020) from police nar-
ratives and cybercrime from police registrations (Van der
Laan & Tollenaar 2021).

In this study, we implemented text mining to determine
the feasibility of automatically extracting forms of abuse
which can be classified as coercive control behaviours
from 526,787 DFV police text narratives from 2009 to
2020 and present the prevalence by age and sex.

Methods

Data

We selected all events that were flagged as DFV under
the Crimes (Domestic and Personal Violence) Act 2007
(NSW) that occurred between 1 January 2009 and 31
March 2020 from the NSW Police Force (NSWPF).
Non-criminal events (e.g., those recorded as DFV—no
offence) were excluded from the sample. This data does
not feature a variable that flags the presence of coercive
control, as coercive control was not an offence when this
data was collected. A total of 526,787 DFV events were
used. We also received the following fixed fields for these
events: the age and sex of the individuals involved, the
premises type (i.e., a standardized value used by NSWPF
to describe the setting the alleged event took place e.g.,
residential premise, public place, etc.) and the relation-
ship between the POI (Person of Interest)—an individual
suspected or charged with committing an DFV offence
by the police—and victim. The dataset contained events
that in some cases had more than one POI or victim
involved. However, the implemented text mining meth-
odology was unable to associate the extracted “mention”
to a specific POI or victim, if more than one individual
POI or victim were present in the DFV event. Thus, in
the current analysis, results are presented only for events
that involved a single POI and a single victim resulting
to a total of 406,196 events out of 526,787 (77.1%) with a
total of 182,676 unique POls.

Coercive control behavioural schema

After consulting with two forensic psychiatrists (SW, SA)
with significant experience in assessing coercive con-
trol for the courts, “hands-off” (i.e., non-physical) abuse
types that have been linked to coercive control, includ-
ing property damage, were selected for extraction. These
behaviours were categorized into five groups that are
consistent with the current literature on DFV: financial
abuse, social abuse, property damage, verbal abuse, har-
assment (Slabbert & Green, 2013). Behaviours that could
not be categorised were assigned into a sixth group (i.e.,
other abuse). A total of 48 abuse types were identified
(Table 1).



Karystianis et al. Crime Science (2024) 13:2

Page 4 of 12

Table 1 Coercive control categories and subcategories with examples identified from police text narratives

Coercive control category Subcategory type

Examples from text narrative

Harassment

Social abuse

Financial abuse

Property damage

Other abuse

Verbal abuse

Stalking, unspecified
Stalking through vehicle
Stalking at known location

Trespassing
Harassment, unspecified

Harassment [phone calls]

[
Harassment [text messages]

Harassment [emails]

Harassment [social medial

Harassment [unwanted gifts]
Harassment [letters/notes]

Harassment at known location

Blackmail

Unauthorized information dissemination
Acts of self-harm by the POI

lllegal use of tracking device

Unauthorized sharing/dissemination of private
intimate materials

Statements of surveillance
Internet search of private details
Privacy violation

Controlling behaviour

Premises lock out

Home isolation

Isolation [family]

Isolation [children]

Isolation [friends]

Deprivation of basic necessities
Employment control

Financial control

Withholding of personal effects
Arson

Property damage

Intimidation with an object
Intimidation to harm
Intimidation, unspecified
Obsession with victim

Threat to harm animals (e.g., pets, farm animals)
Threat to harm a third person
Threat to take the children away
Verbal abuse

Threat to self-harm

Threat to commit suicide

Direct threat to damage property
Direct threat to kill

Direct threat to sexual assault
Direct threat to harm animals
Direct veiled threat to harm

Direct threat to harm a third person

The accused was charged with stalking
Continued to follow the victim with their car

Defendant has parked their vehicle a short distance away from the vic-
tim’s residence

Forced their way into the house

Has been continuously harassing the victim

Received several phone calls from the accused

Victim received over 200 messages

Received approximately 100 emails

Sent Facebook threatening messages

Has repeatedly given the victim flowers and chocolates
Has been leaving letters and notes

Victim asked the accused to leave the house multiple times
Defendant blackmailed the victim to give them money
Recorded them without their permission

Defendant started to cut their own wrists

Placed a tracking device on the victim’s vehicle

The defendant shared an intimate video without the victim’'s permission

I need to know what days you are home and what days you are out
Conducted several Internet searches about the victim’'s address
Defendant went through the victim’'s phone

Has become very possessive of the victim
Refused to let the victim into the house

Isolating the victim in the house

Not allowing the victim to see their family

Does not allow victim to see their children

Does not allow the victim to socialise

Deprived the victim access to clothes

Did not allow the victim to go to work

The accused controlled the complainant’s money
Grabbed the victim's wallet

Attempted to set fire to the premises

Charged with malicious damage

Picked up a knife and threatened the victim

Was going to kill the victim

Was charged with intimidation

They were obsessed with the victim

Has threatened to harm the dog

They said they were going to kill the whole family
Threatened to take the baby away

Continued to yell abuse at the victim

I'am going to cut myself

He threatened suicide

I'm going to smash the car

I am going to kill you

I am going to rape you

I will kill your dog

Watch your back

Your dad is going to get shot
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Text mining

We used an existing text mining methodology to iden-
tify coercive control related behaviours in the DFV nar-
rative sample (Karystianis et al., 2019). This method
has been already evaluated and applied to 492,393
DFV police narratives for the identification of all abuse
types. This approach uses rule-based language expres-
sion patterns and term dictionaries to recognize a wide
range of abuse types from ‘hands-off’ to “hands-on”
Since the focus of this study was to capture behaviours
linked to coercive control and not physical in nature,
we only used expression patterns that identified non-
physical abuse types (e.g., stalking via car, harassment
[text messages], controlling behaviour). The following
steps were added:

1. Expanded existing dictionaries to include additional
behaviours linked to coercive control;

2. Restructured rules to capture “hands-off” abusive
behaviour;

3. Aggregated multiple abuse mentions in each event to
achieve document level annotation (e.g., if one event
has several mentions of isolation from family and
friends, at the document level, this was reported as
one mention of social abuse with its subcategories
being “isolation [family]” and “isolation [friends]”).

The method was implemented through the General
Architecture for Text Engineering (GATE), a family of
open-source text analysis tools and processes (Cunning-
ham et al., 2013).

Dictionaries

We selected 14 dictionaries from our previous work (Kar-
ystianis et al., 2019) that were used as semantic anchors
in our approach to identify non-physical abuse type
behaviour (Additional file 1: Table S1). The dictionaries
contain systematic variations such as plurals, past and
present tenses of words, acronyms and abbreviations.
The original dictionary comprising threats was split into
twelve additional dictionaries, each one describing a
specific threat class (Additional file 1: Table S1). These
were expanded manually to include several variations
(e.g., “your kids are going to have no father”, “your kids
are going to have no mother”) and surface expressions
(“you're dead” to “you are dead” or “your dead”). After
consultation with the two domain experts, an additional
set of nine dictionaries was crafted to include non-physi-
cal abuse types such as various forms of harassment (e.g.,
texting, calling), social media abuse and a list of individu-
als related to a victim that were mentioned as potential
targets in POIs’ threats (Additional file 1: Table S1).
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Rules

The method makes use of rules based on common syn-
tactical patterns observed in the narrative text, spe-
cifically referring to the perpetration by the POI of a
coercive control related behaviour (e.g., “POI sent over
300 text messages to the victim’s phone”). The syntactical
patterns included:

+ Frozen syntactical expressions as anchors for cer-
tain elements built through specific verbs (e.g., “POI
stalked the victim”);

+ Noun phrases and prepositions;

+ Semantic placeholders identifiable through the appli-
cation of the manually crafted dictionaries (e.g., all
possible synonyms describing a POI, such as “POI’
“perpetrator;” and “offender”).

The rule scope was expanded resulting in 618 rules for
48 different coercive control related behaviours (~12
rules per behaviour type).

Evaluation

The implemented methodology has been previously
evaluated against a set of 100 randomly selected domes-
tic violence narratives with reliable performance at the
document (i.e., event narrative) level in identifying vari-
ous abuse types (Karystianis et al., 2019). With precision
(the number of true positives against the number of true
positives and false positives), recall (the number of true
positives against the number of true positives and false
negatives) and Fl-score (the harmonic mean between
precision and recall) values of 90% suggesting reliable
performance results, an evaluation was deemed unnec-
essary since we did not include new abuse types. To
ensure consistency in the methodology’s performance,
we apply the method on 50 additional, randomly selected
narratives from our data sample which were manually
inspected for sources of false positives and negatives. No
errors were observed in that sample.

Ethics
Ethics approval was obtained from the University of New

South Wales Human Research Ethics Committee (refer-
ence HC16558).

Results

DEFV police attended events occurred in residential prem-
ises in almost nine out of ten (86.9%; 352,842) instances,
followed by outdoor/public places (6.9%; 28,092), and
business/commercial areas (2.3%; 9399) (Additional file 1:
Table S2). The most common relationship between POlIs
and victims was spouse/partner with 14.8% (60,277) and
boy/girlfriend (including ex-boy/girlfriend) with 14.6%
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(59,580) (Additional file 1: Table S3). 34.0% (138,264) of
DFV events had a relationship status of “unknown/not
stated”.

Overall, 223,778 (54.6%) DFV events involved at least
one behaviour linked to coercive control. The most com-
mon was verbal abuse (38.9%; 87,088) followed by prop-
erty damage (30.0%; 67,021), other (19.6%; 43,884) and
harassment (7.9%; 17,693). Financial (3.2%; 7,097) and
social abuse (0.4%; 995) were the least prevalent. The
most common subcategory of coercive control linked
behaviours was property damage (29.9%; 66,948) fol-
lowed by verbal abuse (29.6%; 66,276) and intimidation
to harm (9.3%; 20,805) (Table 2). Other subcategories
ranked within the top fifteen most common ones were
direct threats to kill the victim (4.6%; 21,948) and various
types of harassment like calls (2.5%; 5,686) or text mes-
sages (2.1%; 4,741). Less commonly reported behaviours
such as financial control, harassment with gifts, letters
or emails and social isolation (i.e., isolation from family,
friends) had a frequency of less than 1% (Table 2).

Persons of Interest

Almost one out of five (19.8%) DFV events with a coer-
cive control related behaviour involved a female POI,
79.1% of events involving a male POI, and<1% (2,228)
had no recorded sex. Both male and female POIs showed
similar rates across the main categories of coercive con-
trol linked behaviours including harassment (Table 3).
Social abuse was the least common type at 0.5% male
and 0.3% female POIs respectively (Table 3). While
POIs aged between 25 to 44 years old had the larg-
est number of DFV events (n=121,419) among all five
aged groups, proportionally POIs younger than 18 years
old had the most occurrences of property damage with
45.6%. Despite POIs in the 25-44 years age group hav-
ing the highest rates of financial abuse (3.4%), no major
difference proportionally was observed across the other
groups. The oldest POI group (65 years and older) had
the highest proportion of DFV events for verbal abuse
(49.6%) and other (26.3%) (Table 3).

In the 15 most common subcategories of coercive
control related behaviour, property damage [non-arson]
(29.0%) was the most common in male POIs. Verbal
abuse was most prevalent among female POIs (33.6%),
and higher than in males (28.7%) (Fig. 1). Male POlIs
had a larger proportion of DFV events with unspecified
intimidation (9.6%) then female POIs (6.3%). Various
types of harassment (e.g., text message, calls) for both
male and female POIs were uncommon, and identified
in only 2.0% of reports (Fig. 1). A full breakdown of the
subcategories across female and male POIs is shown in
Additional file 1: Table S4.
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Table 2 Number of DFV events (n=223,778) with the extracted
coercive control related behaviours

Coercive control subcategory Frequency %

of DFV
events
Property damage 66,948 299
Verbal abuse 66,276 296
Intimidation to harm 20,805 93
Intimidation, unspecified 20,124 9.0
Direct threat to kill 10,361 46
Withholding of personal effects 6,557 29
Harassment [call] 5,686 25
Harassment [text message] 4,741 2.1
Intimidation with an object 2,873 13
Stalking, unspecified 2,797 1.2
Harassment, unspecified 2,280 1.0
Threat to damage property 2,254 1.0
Threat of self-harm 2,232 1.0
Direct veiled threats to harm 2,147 1.0
Suicide threats 2,035 0.9
Threat to harm a third person 1,040 0.5
Controlling behaviour 666 03
Trespassing 603 0.3
Financial control 527 0.2
Direct threat for sexual assault 39 0.2
Harassment [email] 371 0.2
Harassment at known location 346 0.2
Harassment [letter] 328 0.1
Harassment [gift] 297 0.1
Threats to take the children away 201 0.1
Threat to harm animals 120 0.1
Isolation [children] 106 <0.1
Harassment [social media] 98 <0.1
Privacy violation 92 <0.1
Stalking at known location 86 <0.1
Locking the victim out of the premises 84 <0.1
Obsession with the victim 82 <0.1
Property damage [arson] 73 <0.1
Stalking via car 58 <0.1
Direct threat to harm animals 17 <0.1
Isolation [family] 15 <0.1
Isolation [friends] 15 <0.1
Employment control 13 <0.1
Direct threat to harm a third person 9 <0.1
Acts of self-harm 8 <0.1
Use of device to track the victim 5 <0.1
Isolation [home] 2 <0.1
Blackmail 1 <0.1
Non-consensual sharing of intimate material 1 <0.1
Direct statement of victim surveillance 1 <0.1
Unauthorized dissemination of victim's informa- 1 <0.1

tion
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Table 3 Number of DFV events with male and female POls across the five age groups within the six categories of behaviour linked to

coercive control (n=223,778)

Coercive control related behaviours p-value

Gender Verbal abuse Property damage* Other abuse Harassment Financial abuse Social abuse <0.001
Male (n=177,139) 67,907 (38.3) 51,489 (29.1) 36,725 (20.7) 14,218 (8.0) 5,962 (3.4) 838 (0.5)
Female (n=44,411) 18,499 (41.7) 14,579 (32.8) 6,799 (15.3) 3,317(7.5) 1,077 (2.4) 140 (0.3)
Age group

<18(n=19,991) 6,667 (33.4%) 9,109 (45.6%) 3,194 (16.0%) 549 (2.8%) 438 (2.2%) 34 (0.2%) <0.001

18-24 (n=41,287) 14,486 (35.1%) 14,978 (36.3%) 7,584 (18.4%) 2,806 (6.8%) 1,283 (3.1%) 150 (0.4%)

25-44 (n=121,419) 47,764 (39.3%) 33,882 (27.9%) 24,307 (20.0%) 10,715 (8.8%) 4,181 (3.4%) 570 (0.5%)

45-64 (n=35,498) 15,962 (45.0%) 7,520 (21.2%) 7,569 (21.3%) 3,199 (9.0%) 1,057 (3.0%) 191 (0.5%)

> =65 (n=2,730) 1,353 (49.6%) 394 (14.4%) 719 (26.3%) 162 (5.9%) 71 (2.6%) 31(1.1%)

*Property damage includes property damage [non arson] and arson

Suicide threat 99
Direct veild threat to harm the victim 09
Self-harm threats o9

Harassment [unsp]

LEER

Property damage threat

°
&

Intimidation with an object

56

Stalking [unsp]

Harassment [message] B
Harassment [call] 2257
Withholding of personal effects
Direct threat to kill 75350
Intimidation [unsp] = 07
Intimidation to harm 72 o7
Verbal abuse E23

Property damage B0 4
00 50 100 150 200 250 300 350 400

Proportion of DFV events

Male Female

Fig. 1 Top fifteen most common subcategories of coercive control
related behaviour for male and female POIs (n=223,778). unsp
unspecified

In terms of age, the oldest POI age group had the high-
est proportion of behaviours related to verbal abuse
(38.0%), various forms of intimidation (unspecified
(10.2%), intimidation to harm (14.1%) and direct threats
to kill the victim (7.6%). Almost half of the DFV events
involving the youngest POI group reported property
damage (45.5%). Less frequent coercive control subcat-
egories, showed POIs aged between 25 to 44 years old to
withhold personal effects of victims in 3.2% of reports,
and harass victims through phone calls (2.8%), and text
messages (2.4%). Despite the low rate, self-harm (1.4%)
and suicide threats (1.4%) were mostly performed by the
youngest POI group (Additional file 1: Table S5).

Victims

The total number of DFV events with a coercive con-
trol related behaviour that involved male victims was
23.8% and for female victims 74.1%; 2.1% (4,526) had no
recorded victim sex. The proportion of coercive control
related behaviours across events was similar in male and

female victims (Table 4). Across subcategories related to
coercive control behaviours, the distribution for female
and male victims were similar. However, unspecified
intimidation was more common in females, and verbal
abuse more common in males (Fig. 2). For a full break-
down of the subcategories across female and male vic-
tims, see Table 6 in the Supplementary Material. Age
wise, the oldest and youngest victim groups had the high-
est proportion of DFV events that reported verbal abuse
with 47.5% and 44.0% (Table 3). Social abuse remained
uncommon with the proportion of DFV events across
age groups being less than 0.5%. Property damage was
the highest in the 45 to 64 year old age group (34.1%)
while harassment was the most prevalent in the 18 to
24 year old group (9.1%) (Additional file 1: Table S7).

Discussion

Identifying behaviours linked to coercive control from a
large dataset of police narratives is possible through the
application of text mining. The method employed was
developed to highlight broader abuse types in the DFV
context, however, we have shown that it is feasible to
modify this approach to recognize hands-off abuse which
can be classified as coercive control. Although police nar-
ratives of DFV are a rich source of information and detail
several behaviours that suggest coercive control such
as financial and social abuse, these are not frequently
recorded. However, police narratives can capture a wide
range of coercive control related actions including stalk-
ing, harassment and cases that involve property damage,
verbal abuse and intimidation across all age groups and
in both sexes.

Existing evidence concerning who is most likely to per-
petrate behaviours linked to coercive control is mainly
derived from victims’ experiences through in-depth
interviews and ad-hoc surveys (Campbell et al. 2003; Frye
et al. 2006) that allow for anonymous reporting. In the
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Table 4 Number of DFV events with male and female victims across the five age groups within the six categories of behaviour linked

to coercive control (n=223,778)

Coercive control related behaviours p-value
Verbal abuse  Property damage*  Other abuse Harassment  Financial abuse  Social abuse
Gender
Male (n=53,327) 20,880 (39.2) 17,636 (33.1) 9,790 (184) 3,563 (6.7) 1,279 179(0.3) <0.001
(2.4)
Female (n=165925)  65,112(39.2) 46,920 (28.3) 33,564 (20.2) 13,773 (83) 5,758 (3.5) 798 (0.5)
Age group
<18 (n=13,350) 6,338 (47.5%) 2,208 (16.5%) 3,280 (24.6%) 871 (6.5%) 583 (4.4%) 70 (0.5%) <0.001
18-24 (n=37,847) 14,394 (38.0%) 10,346 (27.3%) 7,949 (21.0%) 3,424 (9.1%) 1,561 (4.1%) 173 (0.5%)
25-44 (n=111,509) 42,637 (38.2%) 33,081 (29.7%) 21,704 (19.5%) 9,852 (8.8%) 3,686 (3.3%) 549 (0.5%)
45-64 (N =48,668) 19,139 (39.3%) 16,588 (34.1%) 8,838 (18.2%) 2,880 (5.9%) 1,068 (2.2%) 155 (0.3%)
> =65 (n=8,093) 3,558 (44.0%) 2,383 (29.5%) 1,617 (20.0%) 345 (4.3%) 156 (1.9%) 34 (0.4%)

*Property damage includes property damage [non arson] and arson

Suicide threat ™ o9

Direct veild threat to harm the victim = 11

Self-harm threats ™ 10

Harassment [unsp] 10

Property damage threat ™ Q9

Intimidation with an object = 16

Stalking [unsp] ®. 09

Harassment [message] ™17

Harassment [call] === 23

Withholding of personal effects ™% 22, ,

Direct threat to kill s 59

Intimidation to harm e————"" .3

Intimidation [unsp] F— 7.5

Verbalabuse T B0

Property damage S50

Proportion of DFV events

w Male ~ Female
Fig. 2 Top fifteen most common subcategories of coercive control
related behaviour for male and female victims (n=223,778). unsp
unspecified

UK, 21% of women and 9% of men reported experiencing
emotional and financial abuse (Office for National Sta-
tistics 2016). In Sweden, 41% of women and 37% of men
were subjected to social isolation (i.e., friends and fam-
ily) from their partners (Morgan and Bjrkert 2006) while
in Australia 78% of women DFV survivors were harassed
through technology facilitated abuse in the form of text
messages and phone calls, with 56% reporting that their
partners used mobile technology to check their location,
and 17% reporting the use of GPS technology by their
parent to track their movements (Woodlock 2016).

Since coercive control is often a subjective phenom-
enon, particularly when it relates to text or verbal com-
munication attributing a negative meaning to behaviours
that can be interpreted differently when reading a police
record, it is not surprising to discover that certain behav-
iours like financial control, harassment at a known loca-
tion, and privacy violations are less likely to involve the
police and so, they will not be picked up in police-based

reporting. This is evidenced in the prevalence of less than
1% we observed for such behaviours. One reason for this
is the focus of attending police officers in a DFV event on
victim safety and observing and recording visible injuries
and property damage while noting down distress state-
ments, along with key information such as the mental
health status of POIs and victims and whether children
or any witnesses were present and in (immediate) dan-
ger. As police orient towards the detection of crimi-
nal offences, cases and instances of coercive behaviour,
despite their inclusion in legal definitions of DFV, are not
recorded. Victim’s safety takes primacy over other fac-
tors in DFV events, and consequently, more subtle and
less obvious forms of abuse are less likely to be inquired
about.

Current tools for collecting information on FDV events
used by police focus more on physical assault than on
indicators of coercive control. This is reflected in the
present work with property damage (including arson)
(29.9%) which, excluding verbal abuse, was the most
prevalent type in DFV. Less common forms of coercive
control might not contain sufficient detail in police narra-
tives to allow them to be surfaced by text mining (Myhill
2019), as illustrated by the low event frequency around
several explicit subcategories (e.g., isolation from fam-
ily and friends, employment control, acts of self-harm,
stalking the victim via a vehicle) which were reported in
less than 0.1% of events. Further, certain forms of coer-
cive control are not perceived as such by victims and so
are less likely to be reported to police, particularly in the
face of more apparent abuse such as a physical assault
or direct threat to kill and harm the victim. Studies have
shown that applying comprehensive question banks to
ask victims about their experiences of various forms of
coercive control tend to produce higher reported rates of



Karystianis et al. Crime Science (2024) 13:2

these abuse types (Boxall & Morgan, 2021). Nevertheless,
it is clear that a number of police DFV records do report
coercive control behaviours when responding to a DFV
event, although this was not a widespread practice.

Given the growing body of research that attests to the
damaging impact of coercive control towards physical
and mental health, and its link with violent behaviour
and sexual assaults (Stark & Hester, 2019), it is pertinent
to update tools that allow the capture of such behaviours
by police and assist in the early identification of victims
moving away from free-text discussion and non-flexi-
ble assessment tools that return weak predictive values
(Ringland 2018; Dowling and Morgan 2019). The advent
of computational text mining methods offers promising
opportunities for analysing police data, particularly in the
DEFV space (Neubauer et al., 2023). However, considering
that victims might be unable to recognize that they are
subjects to this form of abuse, careful and sensitive ques-
tioning by the police is necessary. Improving police train-
ing to highlight their responses on these lesser known
concepts would prove beneficial by focusing on DFV
related behaviour that is more difficult to measure than
physical and sexual abuse. The present study identified
several categories of coercively control behaviour based
on existing literature and can be used to inform future
tool development and training content.

Based on these findings, police information collec-
tion and recording practices can be altered. For example,
when attending DFV events, police officers can include
standardized questions devised by experts in DFV and
forensic psychiatry to capture behaviours linked to coer-
cive control. Considering that many DFV events have
no recorded offence since no physical harm or damage
was observed, it could be helpful if a separate section
was included in the narrative focusing on detailing these
types of behaviours. This is particularly important given
recent legislative developments in NSW that aimed at
creating a stand-alone offence of coercive control (NSW
Department of Communities and Justice, 2022).

The sex differences observed in our work reflected that
seen in the literature with more female than male victims,
and male perpetrators more likely to engage in intimida-
tory acts and acts that reflected an obsession with the
victim (Australian Bureau of Statistics 2017; Leemis
et al., 2022; Office for National Statistics, 2020). Specific
forms of harassment, such as messaging, and phone calls,
had similar prevalence across the sexes. The literature
indicates that although men and women may employ
a similar range of domestically abusive tactics, men are
more frequently intimidatory toward current and former
female partners (Australian Bureau of Statistics 2017;
Office for National Statistics 2020; Gilchrist et al., 2017).
According to our findings, male victims (33.0%) reported
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a slightly higher risk of property damage than female vic-
tims (28.3%). However, there have not been many stud-
ies that conduct direct comparisons between male and
female POIs behind the motivation of DFV occurrence
(Langhinrichsen-Rohling et al.,, 2012; Karystianis et al.,
2022).

Age differences between the POI and victim groups
could reflect a tendency for older people to use non-
physical means of abuse compared to younger perpetra-
tors (Robert et al.,, 2013; Wijeratne and Reutens 2016).
We found out that the youngest POI group was most
likely to use property damage (45.5%). This difference
(of 31.1%) was particularly marked when this POI group
was compared against the oldest POI group, with 14.4%
of events involving property damage. There was a rela-
tionship between age and the use of technology to har-
ass the victim (phone calls, text messages), with younger
age groups being more likely to abuse technology in this
manner as well as being more likely to engage in emo-
tional abuse in the form of suicide and self-harm threats.

Although the different incidence rates of coercive
control behaviours across the sexes and between the
various age groups found in this study could reflect true
differences in their use, they could also be explained by
reporting differences. For instance, in perpetrators less
than 18 years old, recording of coercive control linked
behaviours may be normalized or minimized instead
of being reported to the police. This could explain the
comparatively lower rate of non-physical behaviours for
this group (e.g., harassment, 2.8%; social abuse; 0.2%)
against the higher rate of behaviours like property dam-
age (33.4%). Furthermore, people who are targeted by
family members will also be less likely to report to the
police than those with more distant relationships to the
perpetrator. Thus, the accurate reporting (and recording)
of coercive control behaviours can be influenced by many
factors including attitudes towards and previous interac-
tions with police, and fear of reprisals.

Limitations

Our study comes with several limitations. The lack of an
operationalized definition for coercive control behaviour
did not assist in the identification of such behaviours
from police text narratives. Therefore, knowledge from
the literature along with expert input was necessary to
determine which behaviours within a DFV context may
be used to coercively control a victim. Consequently,
potential behaviours that might have been considered
a criminal act in other jurisdictions could be missing
from our study and applied methodology. As the focus
of this work is to present the behaviours linked to coer-
cive control from DFV police narratives through an age
and sex perspective, interpretating our results through
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a relationship lens could lead to different conclusions.
In addition, the text mining approach has minor error
sources that have been discussed extensively (Karys-
tianis et al., 2019). It is possible that within this data-
set, certain coercive control behaviours might not have
been captured by our pipeline and thus, the abuse type
frequencies (i.e., the number of DFV events) could be
under-reported.

The NSWPF are not trained to accurately inquire about
coercive control. Since they focus on the reporting of key
policing information around a DFV event such as the
mental health status of POIs and victims, drug and alco-
hol use, visible injuries and damage (among other things),
these recording practices are likely to have influence the
outputs of this research. Behaviours such as financial
control, various forms of harassment (e.g., text messages,
calls, social media posts) or social isolation are often
ambiguous in nature, making it difficult for police offic-
ers to note down such actions that initially might seem
irrelevant to a DFV call. This could also contribute to
an under-reporting of such behaviours that the research
literature identifies as linked to coercive control. There
is also the debate involving the accurate identification
of the primary aggressor in a DFV setting by the police.
Considering the forms of coercive control are less visible,
this might lead to an inappropriate linking of assumption
to connect specific behaviours to certain ages or sexes
(Nancarrow et al. 2020).

Conclusions

Coercive control is a subjective behaviour that requires
careful definition. Already a point for discussion across
various states of Australia with significant differences
in how it should be defined, coercive control is clearly
linked with the perpetration of DFV. Because coercive
control is reported to be widespread, this study sought
to identify key behaviours related to coercive control by
employing a tested text mining approach on half a mil-
lion police recorded DFV events. Although several types
of coercive control related behaviours were extracted,
less known abuse types such as harassment via phone
calls, text messages, surveillance and social isolation
were not particularly prevalent in our dataset, likely
due to these not being the primary focus of police when
attending FDV events. While abuse types that have tra-
ditionally been linked to DFV were readily identified and
occurred frequently within the police records, some limi-
tations might have prevented the recognition and thus
the presentation of coercive control behaviours in more
detail. This emphasises the need to improve police train-
ing and inquiry into coercive control to encourage seek-
ing, identifying and recording such behaviours when
attending DFV events, making it the first step towards
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incorporating automated tools that can retrieve DFV
information within text-based police records.

Abbreviations

DFV Domestic and family violence
NSWPF  New South Wales Police Force
POI Person of interest

Supplementary Information

The online version contains supplementary material available at https://doi.
0rg/10.1186/540163-024-00200-2.

[ Additional file 1. Additional tables. }

Author contributions

GK: Study conception and initialization, literature review, application of the
text mining method, result interpretation, manuscript preparation and revi-
sion. NC: Study initialization, statistical analysis and revision of the manuscript.
LS: Literature review, results interpretation and revision of the manuscript.

SR: Results interpretation and revision of the manuscript. SW: Classification
schema creation and revision of the manuscript. SA: Classification schema
creation and revision of the manuscript. MTK: Data collection and revision of
the manuscript. SP: Study conception, revision of the manuscript. TB: Study
conception and initialization, results interpretation, revision of the manuscript.
All authors read and approved the final manuscript.

Funding
No outside funding was used to support this work.

Availability of data and materials
Our dataset is not available due its sensitive nature and strict access protocols.

Declarations

Competing interests
The authors declare that they have no competing interests.

Author details

'School of Population Health, University of New South Wales, Sydney, Aus-
tralia. >Private Psychology Practice, New South Wales, Sydney, Australia. *New
South Wales Justice Health and Forensic Mental Health Network, Sydney, Aus-
tralia. “School of Psychiatry, University of New South Wales, Sydney, Australia.
*New South Wales Bureau of Crime Research and Statistics, Sydney, Australia.

Received: 22 August 2023 Accepted: 19 January 2024
Published online: 04 February 2024

References

Abbe, A, Grouin, C,, Zweigenbaum, P, & Falissard, B. (2016). Text mining appli-
cations in psychiatry: A systematic literature review. International Journal
of Methods in Psychiatric Research, 25(2), 86—100.

Acierno, R, Hernandez-Tejada, M., Muzzy, W., & Steve, K. (2009). The National
Elder Mistreatment Studly. National Institute of Justice.

Ananyan, S. (2004). Crime pattern analysis through text mining. AMCIS 2004
proceedings, 236.

Australian Bureau of Statistics (ABS) (2017). Personal safety, Australia, 2016. ABS
cat. no. 4906.0. Canberra: ABS. https://www.abs.gov.au/ausstats/abs@.nsf/
mf/4906.0.

Australian Institute of Health and Welfare (2018). Family, domestic and sexual
violence in Australia. https://www.aihw.gov.au/reports/domestic-viole
nce/family-domestic-sexual-violence-in-australia-2018/contents/summa
ry


https://doi.org/10.1186/s40163-024-00200-2
https://doi.org/10.1186/s40163-024-00200-2
https://www.abs.gov.au/ausstats/abs@.nsf/mf/4906.0
https://www.abs.gov.au/ausstats/abs@.nsf/mf/4906.0
https://www.aihw.gov.au/reports/domestic-violence/family-domestic-sexual-violence-in-australia-2018/contents/summary
https://www.aihw.gov.au/reports/domestic-violence/family-domestic-sexual-violence-in-australia-2018/contents/summary
https://www.aihw.gov.au/reports/domestic-violence/family-domestic-sexual-violence-in-australia-2018/contents/summary

Karystianis et al. Crime Science (2024) 13:2

Australian Institute of Health and Welfare. (2019). Family, domestic and sexual
violence in Australia: Continuing the national story. Cat. no. FDV 3. https://
www.aihw.gov.au/reports/domestic-violence/family-domestic-sexual-
violence-australia-2019/contents/summary

Beckwith, S, Lowe, L, Wall, L., Stevens, E., Carson, R, Kaspiew, R, MacDon-
ald, JB., McEwen, J., Willoughby, M., Gahan L. (2023). Coercive Control
Literature Review. Australian Institute of Family Studies. https://aifs.gov.
au/sites/default/files/2023-07/2304_Coercive-control-literature-review_
July2023.pdf

Birks, D., Coleman, A., & Jackson, D. (2020). Unsupervised identification of crime
problems from police free-text data. Crime Science, 9, 18.

Boxall, H., & Morgan, A. (2021). Experiences of coercive control among Australian
women. Australian Institute of Criminology.

Buchanan, F, & Humphreys, C. (2021). Coercive control during pregnancy,
birthing and postpartum: Women'’s experiences and perspectives on
health practitioners'responses. Journal of Family Violence, 36, 325-335.

Campbell, J. C, Webster, D,, Koziol-McLain, J,, et al. (2003). Risk factors for femi-
cide in abusive relationships: Results from a multi-site case control study.
American Journal of Public Health, 93, 1089-1109.

Chau, M., Xu, J. J, & Chen, H. (2002). Extracting meaningful entities from police
narrative reports. Presented at: Proceedings of the annual national con-
ference on Digital government research; 2002; Los Angeles, USA.

Crossman, K. A, & Hardesty, J. L. (2018). Placing coercive control at the center:
What are the processes of coercive control and what makes control
coercive? Psychology of Violence, 8(2), 196.

Cunningham, H,, Tablan, V., Roberts, A, & Bontcheva, K. (2013). Getting more
out of biomedical documents with GATE's full lifecycle open source text
analytics. PLoS Computational Biology, 9(2), €1002854.

Department of Social Services (2016). The cost of violence against women
and their children in Australia. https://www.dss.gov.au/sites/default/files/
documents/08_2016/the_cost_of_violence_against_women_and_their_
children_in_australia_-_summary_report_may_2016.pdf

Dowling, C,, & Morgan, A. (2019). Predicting repeat domestic violence: Improv-
ing police risk assessment. Trends and Issues in Crime and Criminal Justice,
581, 1-16.

Elzinga, P, Poelmans, J, Viaene, S, Dedene, G., & Morsing, S. (2010, May). Terror-
ist threat assessment with formal concept analysis. In 2010 IEEE Interna-
tional Conference on Intelligence and Security Informatics (pp. 77-82). IEEE.

Felson, R. B, & Outlaw, M. C. (2007). The control motive and marital violence.
Violence and Victims., 22, 387-407.

Friedman, C, Shagina, L., Lussier, Y., & Hripcsak, G. (2004). Automated encoding
of clinical documents based on natural language processing. Journal of
the American Medical Informatics Association, 11(5), 392-402.

Frye, V., Manganello, J,, Campbell, J,, Walton-Moss, B., & Wilt, S. (2006). The dis-
tribution of and factors associated with intimate terrorism and situational
couple violence among a population-based sample of urban women in
the United States. Journal of Interpersonal Violence, 21, 1286-1213.

Gilchrist, G, Canfield, M., Radcliffe, P, & d'Oliveira, A. F. (2017). Controlling
behaviours and technology-facilitated abuse perpetrated by men receiv-
ing substance use treatment in England and Brazil: Prevalence and risk
factors. Drug and Alcohol Review.,, 36(1), 52-63.

Graham-Kevan, N. (2007). Johnson's control-based domestic violence typol-
ogy: Implications for research and treatment. Issues in Forensic Psychology.,
6,109-115.

Haleem, M. S, Han, L., Harding, P. J,, & Ellison, M. (2019, October). An automated
text mining approach for classifying mental-ill health incidents from
police incident logs for data-driven intelligence. In 2019 [EEE international
conference on systems, man and cybernetics (SMC) (pp. 2279-2284). |EEE.

Halford, E,, Dixon, A, & Farrell, G. (2022). Anti-social behaviour in the coronavi-
rus pandemic. Crime Science,, 11(1), 1-4.

Hamberger, L. K, Larsen, S. E, & Lehrner, A. (2017). Coercive control in intimate
partner violence. Aggression and Violent Behaviour, 37, 1-11.

Hester, M., Jones, C,, Williamson, E., Fahmy, E., & Feder, G. (2017). Is it coercive
controlling violence? A cross-sectional domestic violence and abuse sur-
vey of men attending general practice in England. Psychology of Violence,
7(3),417-427.

Hilton, N. Z,, Eke, A.W,, Kim, S., & Ham, E. (2022). Coercive control in police
reports of intimate partner violence: Conceptual definition and associa-
tion with recidivism. Psychology of Violence.

Page 11 of 12

Holmes, M. R, Richter, F. G, Votruba, M. E, Berg, K. A, & Bender, A. E. (2018).
Economic burden of child exposure to intimate partner violence in the
United States. Journal of Family Violence, 33,239-249.

Iriberri, A, & Leroy, G. (2007, August). Natural language processing and
e-government: Extracting reusable crime report information. In 2007
IEEE International Conference on Information Reuse and Integration (pp.
221-226). IEEE.

Johnson, M. P, Leone, J. M., & Xu, Y. (2014). Intimate terrorism and situational
couple violence in general surveys: Ex-spouses required. Violence against
Women, 20, 186-207.

Karystianis, G., Adily, A, Schofield, P.W.,, Greenberg, D., Jorm, L, Nenadic, G., &
Butler, T. (2019). Automated analysis of domestic violence police reports
to explore abuse types and victim injuries: Text mining study. Journal of
Medical Internet Research, 21(3), e13067.

Karystianis, G., Adily, A, Schofield, P, Knight, L., Galdon, C, Greenberg, D,, Jorm,
L., Nenadic, G., & Butler, T. (2018). Automatic extraction of mental health
disorders from domestic violence police narratives: Text mining study.
Journal of Medical Internet Research, 20(9), e11548.

Karystianis, G., Adily, A, Schofield, P. W, Wand, H., Lukmanjaya, W., Buchan, I,
Nenadic, G., & Butler, T. (2022). Surveillance of domestic violence using
text mining outputs from Australian police records. Frontiers in Psychiatry,
12,787792.

Karystianis, G, Dehghan, A, Kovacevic, A, Keane, J. A, & Nenadic, G. (2015).
Using local lexicalized rules to identify heart disease risk factors in clinical
notes. Journal of Biomedical Informatics, 58, 5183-S188.

Khalifeh, H., Moran, P, Borschmann, R, Dean, K, Hart, C,, Hogg, J., & Howard,

L. M. (2015). Domestic and sexual violence against patients with severe
mental illness. Psychological Medicine, 45(4), 875-886.

Ku, C. H, Iriberri, A, & Leroy, G. (2008, May). Crime information extraction from
police and witness narrative reports. In 2008 IEEE Conference on Technolo-
gies for Homeland Security (pp. 193-198). IEEE.

Kuang, D,, Brantingham, P. J,, & Bertozzi, A. L. (2017). Crime topic modeling.
Crime Science, 6, 12.

Langhinrichsen-Rohling, J., McCullars, A, & Misra, T. A. (2012). Motivations for
men and women'’s intimate partner violence perpetration: A comprehen-
sive review. Partner Abuse, 3(4), 429-468.

Laumann, E. O, Leitsch, S. A, & Waite, L. J. (2008). Elder mistreatment in the
United States: Prevalence estimates from a nationally representative
study. Journal of Gerontology, 63, S248-5254.

Leemis, R. W, Friar, N, Khatiwada, S., Chen, M. S., Kresnow, M. J,, Smith, S. G, ...
& Basile, K. C. (2022). The National Intimate Partner and Sexual Violence
Survey: 2016/2017 Report on Intimate Partner Violence.

Macdonald, W, & Fitzgerald, J. (2015). Understanding fraud: The nature of fraud
offences recorded by NSW Police. http://www.bocsar.nsw.gov.au/Pages/
bocsar_pages/Fraud.aspx

Morgan, K, & Bjorkert, S.T. (2006).Id rather you'd lay me on the floor and start
kicking me”: Understanding symbolic violence in everyday life. Womens
Stud Int Forum, 29, 441-452.

Myhill, A. (2015). Measuring coercive control: What can we learn from national
population surveys? Violence Against Women, 21,355-375.

Myhill, A. (2019). Renegotiating domestic violence: Police attitudes and deci-
sions concerning arrest. Policing and Society, 29(1), 52-68. https://doi.org/
10.1080/10439463.2017.1356299

Nancarrow H, Thomas K, Ringland V, Modini T. Accurately identifying the
“person most in need of protection”in domestic and family violence law.
Australia’s National Research Organisation for Women's Safety; 2020.

Neubauer, L., Straw, |, Mariconti, E.,, & Tanczer, L. M. (2023). A systematic litera-
ture review of the use of computational text analysis methods in intimate
partner violence research. Journal of Family Violence,, 21, 1-20.

New South Wales Department of Communities and Justice. 2020. https://dcj.
nsw.gov.au/children-and-families/family-domestic-and-sexual-violence/
police--legal-help-and-the-law/criminalising-coercive-control-in-nsw.
html#:~:text=The%20NSW%20Parliament%20has%20passed,alone%
200ffence%20for%20coercive%20control.

New South Wales Department of Communities and Justice. 2020. https://ddj.
nsw.gov.au/content/dam/dcj/dcj-website/documents/children-and-
families/family-domestic-and-sexual-violence/domestic-and-family-viole
nce-/domestic-violence-discussion-paper-coercive-control.pdf

Office for National Statistics (ONS) Compedium: Intimate personal violence
and pattern abuse (February 2016). https://www.ons.gov.uk/peoplepopu
lationandcommunity/crimeandjustice//compedium/focusonviolentc


https://www.aihw.gov.au/reports/domestic-violence/family-domestic-sexual-violence-australia-2019/contents/summary
https://www.aihw.gov.au/reports/domestic-violence/family-domestic-sexual-violence-australia-2019/contents/summary
https://www.aihw.gov.au/reports/domestic-violence/family-domestic-sexual-violence-australia-2019/contents/summary
https://aifs.gov.au/sites/default/files/2023-07/2304_Coercive-control-literature-review_July2023.pdf
https://aifs.gov.au/sites/default/files/2023-07/2304_Coercive-control-literature-review_July2023.pdf
https://aifs.gov.au/sites/default/files/2023-07/2304_Coercive-control-literature-review_July2023.pdf
https://www.dss.gov.au/sites/default/files/documents/08_2016/the_cost_of_violence_against_women_and_their_children_in_australia_-_summary_report_may_2016.pdf
https://www.dss.gov.au/sites/default/files/documents/08_2016/the_cost_of_violence_against_women_and_their_children_in_australia_-_summary_report_may_2016.pdf
https://www.dss.gov.au/sites/default/files/documents/08_2016/the_cost_of_violence_against_women_and_their_children_in_australia_-_summary_report_may_2016.pdf
http://www.bocsar.nsw.gov.au/Pages/bocsar_pages/Fraud.aspx
http://www.bocsar.nsw.gov.au/Pages/bocsar_pages/Fraud.aspx
https://doi.org/10.1080/10439463.2017.1356299
https://doi.org/10.1080/10439463.2017.1356299
https://dcj.nsw.gov.au/children-and-families/family-domestic-and-sexual-violence/police--legal-help-and-the-law/criminalising-coercive-control-in-nsw.html#:~:text=The%20NSW%20Parliament%20has%20passed,alone%20offence%20for%20coercive%20control
https://dcj.nsw.gov.au/children-and-families/family-domestic-and-sexual-violence/police--legal-help-and-the-law/criminalising-coercive-control-in-nsw.html#:~:text=The%20NSW%20Parliament%20has%20passed,alone%20offence%20for%20coercive%20control
https://dcj.nsw.gov.au/children-and-families/family-domestic-and-sexual-violence/police--legal-help-and-the-law/criminalising-coercive-control-in-nsw.html#:~:text=The%20NSW%20Parliament%20has%20passed,alone%20offence%20for%20coercive%20control
https://dcj.nsw.gov.au/children-and-families/family-domestic-and-sexual-violence/police--legal-help-and-the-law/criminalising-coercive-control-in-nsw.html#:~:text=The%20NSW%20Parliament%20has%20passed,alone%20offence%20for%20coercive%20control
https://dcj.nsw.gov.au/children-and-families/family-domestic-and-sexual-violence/police--legal-help-and-the-law/criminalising-coercive-control-in-nsw.html#:~:text=The%20NSW%20Parliament%20has%20passed,alone%20offence%20for%20coercive%20control
https://dcj.nsw.gov.au/content/dam/dcj/dcj-website/documents/children-and-families/family-domestic-and-sexual-violence/domestic-and-family-violence-/domestic-violence-discussion-paper-coercive-control.pdf
https://dcj.nsw.gov.au/content/dam/dcj/dcj-website/documents/children-and-families/family-domestic-and-sexual-violence/domestic-and-family-violence-/domestic-violence-discussion-paper-coercive-control.pdf
https://dcj.nsw.gov.au/content/dam/dcj/dcj-website/documents/children-and-families/family-domestic-and-sexual-violence/domestic-and-family-violence-/domestic-violence-discussion-paper-coercive-control.pdf
https://dcj.nsw.gov.au/content/dam/dcj/dcj-website/documents/children-and-families/family-domestic-and-sexual-violence/domestic-and-family-violence-/domestic-violence-discussion-paper-coercive-control.pdf
https://www.ons.gov.uk/peoplepopulationandcommunity/crimeandjustice//compedium/focusonviolentcrimeandsexualoffences/yearendingmarch2015/chapter4intimatepartnerviolenceandpartnerabuse
https://www.ons.gov.uk/peoplepopulationandcommunity/crimeandjustice//compedium/focusonviolentcrimeandsexualoffences/yearendingmarch2015/chapter4intimatepartnerviolenceandpartnerabuse

Karystianis et al. Crime Science (2024) 13:2

rimeandsexualoffences/yearendingmarch2015/chapterdintimatepart
nerviolenceandpartnerabuse

Office for National Statistics (ONS). (2020). Statistical Bulletin: Domestic abuse in
England and Wales overview: November 2020. Published online.

Oliver, R, Alexander, B, Roe, S., & Wlasny, M. (2019). The economic and social
costs of domestic abuse. Home Office (UK). https://assets.publishing.servi
ce.gov.uk/government/uploads/system/uploads/attachment_data/file/
918897/horr107.Pdf

Piispa, M. (2002). Complexity of patterns of violence against women in hetero-
sexual partnerships. Violence Against Women, 8, 873-900.

Poelmans, J, Elzinga, P, Viaene, S, & Dedene, G. (2011). Formally analysing the
concepts of domestic violence. Expert Systems with Applications, 38(4),
3116-3130.

Ringland, C. (2018). The domestic violence safety assessment tool (DVSAT) and
intimate partner repeat victimisation (No. Contemporary Issues in Crime
and Justice no. 213). NSW Bureau of Crime Statistics and Research.

Roberto, K. A, McPherson, M. C,, & Brossoie, N. (2013). Intimate partner
violence in late life: A review of the empirical literature. Violence against
Women, 19(12), 1538-1558.

Savova, G. K, Masanz, J. J, Ogren, P.V,, Zheng, J,, Sohn, S, Kipper-Schuler, K. C,, &
Chute, C. G. (2010). Mayo clinical Text Analysis and Knowledge Extraction
System (CTAKES): Architecture, component evaluation and applications.
Journal of the American Medical Informatics Association, 17(5), 507-513.

Slabbert, I, & Green, S. (2013). Types of domestic violence experienced by
women in abusive relationships. Social Work/Maatskaplike Werk, 49, 2.

Spasic, I, Livsey, J,, Keane, J. A, & Nenadi¢, G. (2014). Text mining of cancer-
related information: Review of current status and future directions.
International Journal of Medical Informatics, 83(9), 605-623.

Stark, E., & Hester, M. (2019). Coercive control: Update and review. Violence
against Women, 25(1), 81-104.

van der Laan, A. M., &Tollenaar, N. (2021). Text mining for cybercrime in reg-
istrations of the dutch police. Cybercrime in context: The human factor in
victimization, offending, and policing (pp. 327-350). Springer International
Publishing.

Wang, Y., Wang, L., Rastegar-Mojarad, M., Moon, S., Shen, F, Afzal, N., & Liu, H.
(2018). Clinical information extraction applications: a literature review.
Journal of Biomedical Informatics, 77, 34-49.

Wijeratne, C,, & Reutens, S. (2016). When an elder is the abuser. The Medical
Journal of Australia, 205(6), 246-247.

Woodlock, D. (2016). The abuse of technology in domestic violence and stalk-
ing. Violence against Women. https://doi.org/10.1177/1077801216646277

Woodlock, D., McKenzie, M., Western, D., & Harris, B. (2020). Technology as a
weapon in domestic violence: Responding to digital coercive control.
Australian Social Work, 73(3), 368-380.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in pub-
lished maps and institutional affiliations.

Page 12 of 12


https://www.ons.gov.uk/peoplepopulationandcommunity/crimeandjustice//compedium/focusonviolentcrimeandsexualoffences/yearendingmarch2015/chapter4intimatepartnerviolenceandpartnerabuse
https://www.ons.gov.uk/peoplepopulationandcommunity/crimeandjustice//compedium/focusonviolentcrimeandsexualoffences/yearendingmarch2015/chapter4intimatepartnerviolenceandpartnerabuse
https://assets.publishing.service.gov.uk/government/uploads/system/uploads/attachment_data/file/918897/horr107.Pdf
https://assets.publishing.service.gov.uk/government/uploads/system/uploads/attachment_data/file/918897/horr107.Pdf
https://assets.publishing.service.gov.uk/government/uploads/system/uploads/attachment_data/file/918897/horr107.Pdf
https://doi.org/10.1177/1077801216646277

	Text mining domestic violence police narratives to identify behaviours linked to coercive control
	Abstract 
	Background and setting 
	Methods 
	Results 
	Conclusions 

	Introduction
	Methods
	Data
	Coercive control behavioural schema
	Text mining
	Dictionaries
	Rules

	Evaluation
	Ethics

	Results
	Persons of Interest
	Victims

	Discussion
	Limitations
	Conclusions
	References


